Improving Geospatial Semantic Web Query using Optimization techniques
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Table 1. Performance of spatial join query examples (unit: seconds). (A — nested-loop algorithm; ~ Geospatial Semantic Web query.
B — R-Tree index nested-loop; C — Tiled-based rendering; D — Cache)

flood disaster response based on Geospatial Semantic Web technologies for New Haven, a
coastal city on Long Island Sound in Connecticut, USA. We expect the developed prototype
will facilitate a fast flood response via better sharing updated data/information among
municipalities and electric utility service providers.

The implemented prototype is accessible from the website: http://tianpar.cs.uwm.edu:8080/nh-
hydro/. Geoserver (version 2.13.0) (http://geoserver.org/), an open-source software system, is
used to publish spatial data in OGC WFS and WMS. Figure 2 shows the interface for the
Implemented prototype.
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