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* Monthly nighttime light composites were downloaded - Total loss (Fig 4) is related to social media variables
from the Visible Infrared Imaging Radiometer Suite (Fig 7, 8, 10) and nighttime light drop rate (Fig b5).
~ e (VIIRS) Day/Night Band (DNB) between August 2012 * The negative correlation between social media recovery
to April 20109. (Fig 7) and nighttime light recovery (Fig 6) is
significant.
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Fig 2. Disturbance of Hurricane Sandy (2012) shown in Nighttime light * Sample size I1s small, Only 57 counties are analyzed . Large drop rate (Flg 5) in nighttime |Ight can lead to a
Objectives * Nighttime light can be disturbed by other Impact long recovery (Fig 6) in nighttime light.
factors, this study only focuses on the impact caused by
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