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find 10 out of 21 types of 311 requests spatially associate with OOEs and also characterize

Linhom, oo, ac(r)
2000
1
Linhom, oo, ac(r)

o
. . . . . . . . 8 Recreation and parks RP i
neighborhoods with lower socio-economic status in the city, both consistently over time. We also ° Recyd:ngyardiaste o~ (%) Nrmsisighs
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Workflow Figure 2. Characterizing cross point pattern between OOEs and animal complains related 311 calls, 2013. (a) Graph view with 0 12000 24000 Meters ,NX qls | , P | Y ot

3000m maximum distance; (b) Graph view with 500m maximum distance. - = )
Figure 4. Spatial distribution of OOE hot/cold spots in 2017. (a) actual hot/cold spots; (b) prediction from

‘Code violation’; (c) prediction from ‘Public health’; (d) prediction from ‘Street lighting’; (e) prediction

We examine the use of 311 service requests as indicators of neighborhood distress and opioid overdose

incidents. We identify 311 request types that can serve as robust surveillance indicators for opioid use Table 1. Temporal trend of pairwise spatial dependences between OOE and 311 categories, annually. 2008-2017.

disorder based on three criteria: (1) spatial association with individual-level opioid overdose events C** Clustering at short distance (< 100 m), C* clustering at a long distance (100-500 m), R random pattern, D dispersed pattern. from “Traffic signs’; (f) prediction from *Street maintenance’; (g) prediction from ‘Water sewers drains’
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stability of these relationships with respect to time. We also demonstrate their use in predicting OOE Neighborhood clusters based on 311 requests and socioeconomic status We demonstrated that the 311 indicators are capable of predicting OOE hotspots at the neighborhood-
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Objective 1: discover the spatial association between OOEs and 311 service requests types. The neighborhoods comprising cluster 1 are most likely to be associated with socioeconomic distress, we define robust 311 ANALYSIS
Objective 2: identify types of 311 requests that characterize neighborhoods with socioeconomic distress. indicators as those with high relative frequency in distressed neighborhoods and spatially associate with OOE, consistently over
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Objective 4: evaluate the performance of the robust 311 indicators in predicting overdose hotspots. drains as robust indicators P SNHNE & THE OHIO STATE THE OHIO STATE
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